The concentration of six metals/metalloids, five congeners of high molecular weight Polycyclic Aromatic Hydrocarbons (PAHs), and sum of five congeners of Polychlorinated Biphenyls (PCBs) determined within marine-coastal sediments of the Apulia Coast during a 5-year long-term monitoring program, are reported through tables and radial graphs. The data are referred to the pollutant concentration determined within 70 sites alongside two marine transects (500 m from coastline and 1750 m of coastline) representing different morphologic features of the coast and different pollution stressors loading [1] . Concentration variability during the five monitored years and data generated by the non-parametric correlation analyses among sediment physical-chemical main parameters and metal concentrations are also included.
Data
Quantitative data on pollutant concentration within marine sediments of Adriatic Coastal Area are presented in re-usable format. Table 1 shows the latitude and longitude of the sampling sites. Tables  2e5 show the 
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Environmental Science More specific subject area Marine-coastal water and sediment hazard assessment. Tables, radial graphs, equations, figures, text file How data was acquired Chemical Determination are performed by standardized methods adopted by ARPA Puglia. Descriptive statistics of pollution concentration, correlation and regression analyses of physicochemical properties are performed using a FOSS software (Free and Open Source Software), available at https://github.com/anhelus/pylab as a Jupyter Notebook.
Type of data

Data format
Tables and Radial Graphs are used for pollutant concentration, while graphs, equations and figures are used for correlation among physical-chemical sediment properties.
Experimental factors
The concentration of metals and metalloids (As, Cr, Cd, Ni, Pb) were obtained by inductively coupled plasma-mass spectrometry (ICP-MS), according to EPA 6020A-2007 method. The Hg mercury content was quantified by cold vapor atomic absorption spectrometry (CetacQuickTrace M-6100 Mercury Analyzer). 
Experimental features
The data provide a comprehensive set that describe the pollution trend alongside Adriatic Ionian marine coastal area [1] .
Data source location
The dataset of pollution concentration in the investigated sites were collected by ARPA PUGLIA and are available in the Scientific Direction in Corso Trieste, 27, 70126 Bari. The coordinates of sampling sites investigated are reported in the 
Data accessibility
Data are within this article.
Related research article
The data are submitted as a companion paper to the research article of Mali et al. 2019 [1] entitled "Long-term monitoring programs to assess environmental pressures on coastal area: weighted indexes and statistical elaboration, as handy tools for decision-makers", currently accepted for publication in Ecological Indicator Journal
Value of the data The data included in the present paper can be used for:
Further analyses in risk assessment for marine-coastal areas. Further studies focused on the geospatial contamination distribution at regional scale (Geo-mapping Pollution) as well as for studies in contamination transport modelling within marine-coastal areas under different hydrodynamic pressures [4] . Further studies on interaction of individual pollutant concentration with benthic community in toxic responses
Experimental design, materials, and methods
Five year monitoring program of the marine sediment quality alongside Apulia coastal area (South Italy) has been performed with a yearly frequency starting from March to April. The monitoring program, conducted by ARPA Puglia, includes different matrixes. In the present paper data referring to quality of sediments are shown.
Preliminary data assessment and evaluation is performed by means of standard visual Exploratory Data Analysis (EDA) techniques [5, 7] . In the Figure S1 of the supporting information are reported Radar Plots of metal concentrations expressed as normalized (min-max algorithm) data. Correlation analysis through sediments data is performed using both Pearson's, Spearman's and Kendall's ; results are visually shown by means of correlation matrices (Fig. 1a and b, Fig. 2a and b, Fig. 3 ).
Step-wise regression analysis is performed, and LARS-LASSO regularization is employed to strengthen results ( Fig. 4a and b, Fig. 5a and b) [8, 9] The software used for these analysis is based on a set of widely employed FOSS (Free and Open Source Software) libraries for machine learning written in Python, namely Scikit Learn, Pandas, Numpy and TensorFlow. The code is freely available at https://github.com/ anhelus/pylab as a Jupyter Notebook. 
Correlation analyses (CA)
Correlations over eight different metal concentration (predictors), total organic carbon (TOC) and clay content is investigated through Pearson correlation coefficientr, which evaluates linear relationships, and Spearman correlation coefficient r, which evaluates monotonic relationships. The results are illustrated graphically for both r and r are in (Fig. 1a and b) , where warmer colors indicate higher correlation values, while colder colors indicate lower correlation values.
The relative distribution of Cr/Ni (Fig. 2a) and Ni/Pb (Fig. 2b) are shown through two-dimensional scatter plots.
Correlation analysis using the Kendall tare also reported. The results of the correlation analysis using Kendall t are shown in Fig. 3 .
Least Angle RegreSsion (LARS) has been proposed to investigate on relationship of TOC and Clay content with metal concentration. LARS was used to overcome the drawbacks of stepwise regression [6, 8, 9] . The algorithm works as follow:
-Start with all the coefficients b ¼ 0; -Find the predictor x i which is most correlated with the residual r (that is, the predictor which makes the 'least angle' with the residual); increase b i accordingly; -Move in the direction of x i until rðx i ; εÞ ¼ rðx j ; εÞ for a predictor x j ; increase b j accordingly; -Repeat the procedure until all the predictors are in the model. Results of regression are validated using a standard k-fold cross validation [7] . Specifically, the value of the mean square error between the regression function and the real values will be minimized over the 20 rounds of cross-validation. Fig. 4a and b show results for the 20 validation rounds using a linear regressor and a polynomial regressor for Clay and TOC. The linear model describing correlation of clay with metals is given by the equations (1) and (2), while for TOC is reported in the equations (3) 
